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Abstract

How persistent are the effects of conflict on bias towards co-ethnics? What are
the channels of persistence? We employ a measure of ethnic bias derived from
decisions made by Israeli Arab and Jewish judges to study the levels and
determinants of bias during the 2000-04 conflict and its aftermath (2007-10).
Despite the fall in violence, we find no evidence of a general attenuation in bias.
Furthermore, bias remains positively associated with past intensity of violence in
different localities. This persistence does not appear to be due to judges’

personal exposure to violence but rather to different dynamics in afflicted areas.
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1. Introduction

This paper seeks to contribute to our understanding of the legacies of ethnic
conflict. Our focus is on ingroup bias, one of the key behavioral manifestations of
social identification. While the fluidity of social identities has been well
documented both in political science and in social psychology, when it comes to
large scale ethnic violence a widespread view is that conflict tends to harden
ethnic identities — perhaps irreversibly.! Previous work established a strong
short-term effect of ethnic violence in a locality on the extent of ethnic bias in
that locality (Shayo and Zussman 2011). This paper examines whether the effects
of conflict persist even when violence subsides or whether, on the contrary,
ethnic bias in previously afflicted areas converges towards the lower levels of
bias observed in non-violent localities. Furthermore, we seek to better
understand the mechanisms that might cause the effects of conflict to persist.
One possibility, consistent with the view that conflict irreversibly solidifies ethnic
identities, is that the personal experience of ethnic violence has an enduring
effect on individuals’ social preferences. A second possibility is that individual
identities are in fact quite fluid, and yet in equilibrium identities can be very
stable. This may happen because individuals coordinate on patterns of

identification and inter-group relations (see e.g. Laitin 2007) or because

! Chandra (2012, ch.1) provides an overview of “constructivist” accounts of ethnic
identity in political science and Shayo (2009) reviews the experimental literature on the
endogeneity of social identities. The summer 2004 volume of Security Studies contains a
collection of essays debating Kaufmann’s (1996) thesis that “in ethnic wars both hyper-
nationalist mobilization rhetoric and real atrocities harden ethnic identities to the point
that cross-ethnic political appeals are unlikely to be made and even less likely to be
heard” (p. 137) and his argument for partition as the solution to ethnic conflicts.



conflictual relationships and ethnic identification tend to reinforce each other

(see e.g. Sambanis and Shayo 2013).

We define ethnic bias as the preferential treatment awarded to members
of one’s ethnic group. A measure of ethnic bias should arguably have the
following two properties. First, it would be based on behavior in a natural
setting. Second, it would reliably capture bias rather than unobserved factors.
Consider the first property. No doubt, survey data as well as carefully
constructed lab and lab-in-the-field experiments have yielded crucial insights
into the determinants of ethnic bias. Nonetheless, survey responses are
sometimes hard to interpret and may have little predictive power with respect to
behavior.? Experiments have the advantage of cleanly identifying biases in
behavior and exploring their possible causes. Nonetheless, external validity may
sometimes be a concern, e.g., due to the participants being nonprofessional
decision makers, acting in an artificial context, possibly characterized by low

stakes.

Turning to the second property, a large literature seeks to measure
ethnic, racial, and gender biases based on behavior in natural settings (e.g.
courts and the labor market). However, a serious challenge facing this literature
is that outcomes that seem to reflect bias may actually be driven by other factors
which are correlated with ethnicity, race or gender. For instance, wage
disparities along ethnic lines could be due to unobserved variables (such as
ability, motivation, and quality of education) rather than to ethnically-biased

employers. A similar problem plagues empirical legal studies, where many case

2See Zussman (2013) and references therein on the relation between stated attitudes
and discriminatory behavior.



characteristics that might affect judicial decisions are unobserved by the
researcher. For recent reviews, see Bertrand and Duflo (forthcoming) and

Neumark (forthcoming).

Here, we utilize the measure of ethnic bias developed by Shayo and
Zussman (2011) which has these two properties. The measure is derived from
rulings made by Arab and Jewish judges in Israeli small claims courts in cases
involving either an Arab plaintiff suing a Jewish defendant or a Jewish plaintiff
suing an Arab defendant. In these courts, cases are effectively randomly assigned
to judges. This allows us to estimate the extent of judicial ethnic bias — which is
probably a lower bound on the level of ethnic bias in the wider society. Data on
fatalities from the Israeli-Palestinian conflict serve as a proxy for exogenous
temporal and spatial variation in exposure to ethnic violence. This allows us to
relate the extent of the bias to the court’s and the judge’s exposure to violence,
while controlling for factors operating at the national level that may affect both

judicial decisions and conflict intensity.

Figure 1 displays the number of Israeli civilian fatalities from the Israeli-
Palestinian conflict during 1998—2010.3 Looking at the figure, one can distinguish
between three periods. The period from 1998 to late 2000 was relatively
peaceful. The period from September 2000 to the end of 2004 is known as the
Second Palestinian Intifada (uprising). This period was characterized by intense
conflict between Israel and the Palestinians in the West Bank and the Gaza Strip,

with much of the violence taking place within Israel. Violence subsided in

3 We focus on fatalities within Israel proper (i.e. excluding fatalities in the Occupied
Territories and Lebanon) since this is where the courts we study are located. Effects of
violence in other areas cannot be identified and will be absorbed in our empirical
analyses by time fixed effects and overall trends.



subsequent years, with 2007-2010 characterized again by relative calm.
Henceforth we refer to 2000-2004 as the “conflict period” and to 2007-2010 as
the “post-conflict period” but it is worth emphasizing that the Israeli-Palestinian
conflict, in the wider sense of the term, did not start in 2000 and has not reached
a peaceful conclusion yet. In particular, the post-Intifada years saw an increase in
the severity of the rocket threat facing Israel. While rockets launched from the
Gaza Strip caused few civilian fatalities inside Israel, the rocket threat could still
have affected social and political attitudes. Indeed, Getmansky and Zeitzoff
(2014) find that Israelis residing within the rocket range are more likely to vote

for right-wing parties.

[Figure 1]

Shayo and Zussman (2011) show that during the conflict period judges
exhibited a significant degree of ethnic bias. A case was around nineteen
percentage points more likely to be accepted when assigned to a judge of the
same ethnicity as the plaintiff. Furthermore, the extent of the bias was strongly
associated with the intensity of ethnic violence in the vicinity of the court in the
period immediately preceding the trial. Courts that had seen limited violence
exhibited little bias. Based on these findings, one might conjecture that a decline
in violence should lead to a reduction in bias, especially in those courts where
violence dropped most significantly. This paper examines the actual legacy of the

conflict.

We make three main contributions. The first is to provide an answer to a
simple factual question: can a sharp decline in violence indeed reduce ethnic
bias? This is a fundamental question for any theory of ethnic conflict and

reconciliation. Our answer is sobering. We find no evidence of an overall



attenuation in bias as violence subsides — even among an educated elite
operating under a strong norm of equality before the law. In the post-conflict
period, claims were still around eighteen percentage points more likely to be
accepted when assigned to a judge of the same ethnicity as the plaintiff.
Furthermore, we observe no downward trend in ethnic bias within the post-
conflict period. While the 2007-2010 period clearly wasn’t the most peaceful of
times, and other events could have fueled ethnic bias, the drop in ethnic
violence within Israel documented in Figure 1 is quite dramatic. The fact that it

was not associated with a reduction in bias is important and informative in itself.

The second contribution concerns the persistence of the effects of
exposure to violence. Our evidence indicates that ethnic bias in the post-conflict
period remains positively associated with local exposure to violence during the
height of the conflict. This association is not due to any other observable
differences across the localities where the courts are located — despite the fact
that some such differences are associated with the level of bias (courts located in
larger towns exhibit less bias and there is some indication that so are courts
located in mixed Arab-Jewish towns). Moreover, placebo tests show that the
intensity of violence itself is not associated with pre-existing levels of ethnic bias
in the courts. However, while the association between judicial bias and past
violence persists, it declines in strength compared to the conflict period. Taken
together, this pattern and the first set of results suggest some convergence
across courts toward a relatively high level of judicial bias in the post-conflict

years.

The third, and perhaps the most significant contribution concerns the

sources of persistence. Broadly, ethnic violence could have a persistent effect on



the legal system via at least two distinct channels. The first operates through the
personal experience and memories of individual judges. This channel is
consistent with studies indicating that exposure to political violence produces
psychological distress and increased threat perceptions, which may lead to
increased militancy and to hostility towards minority groups (Canetti-Nisim et al.
2009, Hirsch-Hoefler et al. forthcoming). Such effects could conceivably persist
even when the level of threat has subsided. Thus, judges who were exposed to
violence are, in a sense, “scarred”. But violence might produce enduring changes
in exposed courts independently of the individual experiences of present-day
judges. Violence during the time of the conflict can change the patterns of inter-
ethnic relations in the region where the court is situated. Increased tensions
between the groups raise the salience of ethnic cleavages in the region, thereby
increasing the likelihood of ethnic identification which in turn reinforces inter-
ethnic tensions (see Sambanis and Shayo 2013 for a theoretical analysis of this
process). Thus, even individuals who were not personally exposed to violence
during the conflict may exhibit ethnic bias. To shed light on the sources of
persistence, we collect data on judges’ personal history of exposure to violence.
This allows us to disentangle the two potential mechanisms. The evidence seems
more in line with the second: the persistent effect of exposure to violence that
we identify operates primarily at the local (court) level rather than at the

individual (judge) level.?

4 Whether the individual or the social mechanism is at work can be important to help
guide post-conflict policies. Of particular relevance are Community Driven
Reconstruction programs which seek to enhance local cooperation by encouraging
individuals in a community to work together; and Truth and Reconciliation programs
which emphasize psychological healing (see, respectively, Fearon, Humphreys and



The paper relates to a recent line of research that has begun to uncover
the effects of conflict on political attitudes (Berrebi and Klor 2008; Gould and
Klor 2010; Lyall et al 2013; Getmansky and Zeitzoff 2014), social, risk, and time
preferences (Voors et al. 2012; Cassar, Grosjean and Whitt 2013; Rohner,
Thoenig and Zilibotti 2013; Callen et al. 2014, Gilligan, Pasquale and Samii 2014)
and political participation (Bellows and Miguel 2009; Blattman 2009). Our
contribution to this literature is in studying the lasting impact of ethnic conflict
on intergroup relations and on the functioning of institutions. While some of the
existing literature finds that exposure to violence can increase pro-social
behavior or public spiritedness, it is unclear whether such favorable changes in
behavior are biased towards one’s own ethnic group. Ingroup bias plays a crucial
role in intergroup relations and may contribute to the emergence of vicious
cycles where violence breeds ethnic identification and ethnic identification

intensifies conflict.

Concerning the relation between conflict and institutions, what we know
is largely based on cross-country comparisons. Collier et al. (2003) report that
indices of democratic institutions (from Polity IV) and of political freedom (from
Freedom House) tend to deteriorate in the decade following civil war. Besley and
Persson (2008) find that tax collection as a percentage of GDP (a proxy for state
capacity) is lower in countries that experienced internal conflict. While
instructive, such results are hard to interpret: countries with bad or deteriorating
institutions may be more likely to experience war for many reasons. To our
knowledge, this paper is the first to employ micro data to analyze the enduring

effects of ethnic violence on the workings of legal institutions.

Weinstein (forthcoming) and Cilliers, Dube and Siddigi (2015) for recent discussions and
program evaluations).



Several recent studies examine the persistence of biases, norms and
preferences. The evidence suggests, for example, that trust, anti-Semitism,
political attitudes and perceptions of gender roles can persist over very long
horizons (see, respectively, Nunn and Wantchekon 2011; Voigtlander and Voth
2012; Acharya, Blackwell and Sen 2015; Alesina and Fuchs-Schiindeln 2007;
Alesina, Giuliano and Nunn 2013). Besley and Reynal-Querol (2014) find that the
intensity of conflict in pre-colonial Africa is positively correlated with present-day
ethnic (as opposed to national) identification and negatively correlated with
inter-group trust. But while norms and identities can persist, they can and do
change, sometimes quite rapidly. Here, we closely examine the extent to which
one crucial form of bias persists in the face of a rather dramatic change in the

environment, and study the underlying mechanism.

In terms of methodology, the paper builds on the (largely experimental)
literature on social identity and ingroup bias (e.g. Tajfel et al. 1971; Bornstein
2003; Habyarimana et al. 2007; Chen and Li 2009; Fong and Luttmer 2009; Klor
and Shayo 2010). One of the workhorse tools for studying ingroup bias has been
the Minimal Group Paradigm introduced by Tajfel et al. (1971). In these lab
experiments, subjects are assigned to groups and are then asked to make
allocation decisions between two other anonymous subjects, one from their
group (the ingroup) and one from the outgroup. Typically, subjects exhibit
ingroup bias. Our setting is unique in that it replicates some of the key properties
of these experiments, but with professional decision makers acting in their

natural environment and with ethnic (rather than minimal) groups.

Finally, the study relates to the literature on ethnic and racial bias in the

legal system (e.g. Glaeser and Sacerdote 2003; Abrams, Bertrand, and



Mullainathan 2012; Anwar, Bayer, and Hjalmarsson 2012; Alesina and La Ferrara
2014, Grossman et al. 2016). Beyond documenting persistent ethnic bias, our
contribution to this literature is in helping to understand how such biases are

shaped by the history of intergroup relations.
2. Institutional and historical background

We analyze judicial decisions involving Arabs and Jews in Israeli small claims
courts in 2000—2010. During this time, Arab citizens account for around 20% of
Israel's population while Jewish citizens account for 76%.> Arab-Jewish relations
within Israel are closely linked to developments in relations between Israel and
the Palestinians in the Occupied Territories. Arab Israelis and the Palestinians of
the Occupied Territories share a common heritage and many in the latter group

have roots in towns and villages located in present-day Israel.

Small claims courts handle civil cases between private litigants, such as
those involving minor traffic accidents. The courts have a cap on the amount of
money they can award. This cap increased from NIS 17,800 in 2000 to NIS 31,200
in 2010 (roughly SUS 4,000-8,000). The judge can also award legal expenses (this
is entirely discretionary). The legal procedure is relatively simple. It starts when
the plaintiff files a claim at the court, provides supporting documentation, and
pays a small fee. The defendant is then notified and instructed to provide a
defense statement within fifteen days. After a claim has been filed, the case is
assigned a trial date and a judge. Due to a backlog in the system, trials are

scheduled several months in advance. Importantly, each case is assigned to the

> Israeli Central Bureau of Statistics, Statistical Abstract of Israel 2013. The remaining 4%
are mostly immigrants from the former Soviet Union who are not officially classified as
Jews.
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first available slot. This means that the assignment of judges to cases within a
given court is in principle orthogonal to characteristics of the case (we test this

below).

The judge receives the case materials no earlier than a week before the
trial. The trial itself typically lasts only a few minutes and the judge issues a ruling
within seven days. Importantly, the litigants (rather than lawyers) present their

case.

This setting has several attractive features for measuring ethnic bias.
Most importantly, in these courts an effectively randomly assigned decision
maker needs to make an allocation decision between two individuals, one of
whom belongs to her ethnic group while the other does not. Compared to lab
experiments designed to measure ingroup bias (e.g., Tajfel et al. 1971; Chen and
Li 2009), decision makers are professional, the monetary stakes are high, and the
groups to which the agents belong (Arabs and Jews) are not artificially
constructed in the lab. Since decisions have to be made within a week of the
trial, we also know their approximate timing. This allows us to relate the
decisions to the context in which they are made and in particular to the intensity

of the conflict.

We concentrate on two periods. The first is the conflict known as the
Second Intifada, which started in September 2000 and lasted until the end of

2004.% It was characterized by intense violence between Israelis and Palestinians

® There is no agreed-upon date for the end of the Intifada. Two prominent candidate
dates are November 11, 2004, when Palestinian leader Yasser Arafat died, and February
8, 2005, when the Sharm el-Sheikh Summit was convened to end the Intifada. We use
December 31, 2004, as the cutoff date for the end of the Intifada (none of the results
depend on this decision).

11



and claimed the lives of thousands. A major part of Palestinian violence took the
form of suicide bombings carried out within Israel proper, where the courts we
study are located. Importantly, this violence was not generated by the local
population. In particular, participation of Arab Israelis in terrorist attacks was
negligible in scale throughout the conflict period. Violence reached a peak in
2002 and then gradually declined (see Figure 1). The second period we study
(2007-2010) was relatively tranquil and saw only 36 civilian fatalities within

Israel compared to 514 in the first period.’

3. Data

This section briefly outlines the data collection procedures. Details are provided

in Appendix A which also reports comprehensive descriptive statistics.
Judicial decisions.

The main source of data is online transcripts of judicial decisions (rulings). We
cover the universe of available documents (26,444 from 2000-2004 and 28,576
from 2007-2010). For each document we code the ethnicity of private litigants
based on their names and the relative frequency of Arab and Jewish names in
the Israel Population Registry. We keep only “mixed cases”: those where at least
one private plaintiff and one private defendant are of different ethnicities

(N=4,038).8 For these cases we conduct a comprehensive analysis of the

"The post-Intifada period did see some outbreaks of violence, including the Second
Lebanon War in the summer of 2006, which did not involve the Palestinians; and the
winter of 2008-2009 Israeli military operation in the Gaza Strip. Both events involved a
relatively small number of casualties within Israel. In the analysis that follows we control
for these and other incidents of violence in the post-Intifada period.

8 Focusing on mixed cases allows us to reliably measure ethnic bias, which is our primary
interest. A comprehensive analysis of the universe of cases could perhaps allow us to
answer other questions but would be prohibitively costly.

12



documents, coding information on the court, judge, litigants (both plaintiffs and
defendants), claim characteristics and judicial outcomes. We obtain additional

socio-demographic information on judges from their biographies.

The main analysis in this paper excludes cases that were settled outside
the court (325 cases) or withdrawn (303) as well as cases that have multiple
plaintiffs (or defendants) such that one plaintiff (or defendant) is Jewish and
another is Arab (305).° This leaves us with 3,153 cases, 1,748 for 2000-2004 and
1,405 for 2007-2010.

Table 1 shows for each period the percentage of cases by the ethnicity of
the judge, plaintiff, and defendant. Overall, 29% of the cases in our data were
ruled by Arab judges. This share dropped from 31% to 25% across the two
periods. There is also a small decline in the share of Arab plaintiffs, from 44% in

the conflict period to 41% in the post-conflict period.
[Table 1]

Our main measure of trial outcome is an indicator for whether the claim
was accepted. Out of the 3,153 cases in our main sample, 2,300 (73%) are coded
as accepted. In Appendix D we also provide results using alternative outcome

measures such as monetary compensation and legal expenses.

¥ We find no evidence for differences in the likelihood that plaintiffs settle cases outside
the court or withdraw them when assigned a judge of the same or opposite ethnicity.
We similarly find no evidence that such differences are associated with court exposure
to violence during the conflict. See Appendix B.
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Exposure to violence.

We employ data on all Palestinian politically motivated fatal attacks inside Israel.
For each attack we have information about date, location, and number of civilian

fatalities.

Our first set of measures of exposure to violence is at the level of the
court. These measures are based on the number of fatalities from attacks that
occurred in the vicinity of the court during the conflict period. Vicinity is defined
by three alternative geographical units: natural area (smallest geographical unit
around the court) sub-district and district. Our data spans 24 natural areas, 15

sub-districts, and 6 districts.

The second set of measures is at the level of the judge. We focus on
exposure at the judge’s place of employment. We use several sources to compile
information on judges’ employment history since 2000 (both as judges and in
other jobs such as lawyers). Our procedure yields monthly location data for the
entire Intifada period for 196 (82%) of the 240 judges in our sample. For an
additional 37 judges we have partial information and for 7 judges we have no
location information for the conflict period. Merging the location information
with the fatalities data provides a measure of the number of fatalities each judge

was exposed to in her place of employment in each month of the conflict.
4. Ethnic bias across periods

Are claims more likely to be accepted when assigned to a judge of the same
ethnicity as the plaintiff? The random nature of the assignment of cases to

judges within a court provides a straightforward method for credibly addressing
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this question. Our identification assumption is that given the court, the ethnicity
of the plaintiff, and the ethnicity of the judge, cases assigned to a judge of the
same ethnicity as the plaintiff are not systematically different from cases
assigned to a judge of a different ethnicity. Notice in particular that we allow
plaintiffs from different ethnicities to file cases with different characteristics. We
also allow judges of different ethnicities to receive cases with different
characteristics. Appendix C evaluates the validity of our identification
assumption using the observed case characteristics (e.g. the number and
characteristics of plaintiffs and defendants, the subject of the claim and other
case characteristics). The evidence strongly supports the validity of the

identification assumption.

4.1 Results

We first present the raw data and then proceed to an econometric analysis.
Figure 2 displays the share of claims accepted for each period by judge and
plaintiff ethnicity. The left box replicates Shayo and Zussman’s (2011) results
from the conflict period and serves to illustrate the methodology. The left pair of
bars in this box pertains to cases where the plaintiff is Jewish and the defendant
is Arab. Jewish judges accept 79.1% of these cases while Arab judges accept
71.7%. In itself, this difference of 7.4 percentage points is not necessarily
evidence of ethnic bias: for example, it may be the case that Jewish judges are
more inclined to accept claims than Arab judges. However, if this were the only
reason for the difference, we would expect to observe a similar pattern
regardless of plaintiff ethnicity. In fact, the right pair of bars in the same box
shows that when the plaintiff is Arab, the pattern is reversed: Jewish judges are

10.6 percentage points less likely than Arab judges to accept such claims. The
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difference in these differences — 18 percentage points — provides an indication of
the extent of ethnic bias (i.e., by how much Jewish judges are more likely than
their Arab colleagues to accept a claim filed by a Jewish plaintiff rather than by
an Arab one). From now on we will use this measure to track the evolution and
identify sources of ethnic bias. It should be emphasized that this is a measure of
overall bias: absent an ethnicity-free benchmark, it is impossible to say whether
and to what extent Jewish judges favor Jewish litigants and Arab judges favor

Arab litigants.

[Figure 2]

We can now turn to the post-conflict period (right box). Compared to the
conflict period, we do observe some changes (e.g., Jewish judges accept a lower
share of claims, while Arab judges accept a higher share). Remarkably, however,
the overall level of bias is stable at 17.3 percentage points. Note, again, that it is
impossible to say to what extent the bias is due to the behavior of Arab or Jewish
judges. For example, looking at the right box, one might think that the bias is
mainly driven by the behavior of Jewish judges (who accept a significantly lower
proportion of cases filed by Arab plaintiffs). However, one cannot rule out the
possibility that cases filed by Jewish plaintiffs are systematically stronger than
those filed by Arab plaintiffs, in which case the decisions by Arab judges are

biased.

A more detailed look at the evolution of bias over time is provided in
Figure 3. The figure presents our difference-in-differences measure of ethnic
bias, but this time it is calculated in two-year moving windows centered around a
particular date. We start with the first observation in each period (conflict and

post-conflict) and advance in 30-day intervals until the end of the period. To

16



reduce noise, the analysis is restricted to windows with at least 100
observations. The results show the bias fluctuating around 15-20 percentage
points during both the conflict period and the post-conflict period, with no clear

downward trend following the decline in violence.
[Figure 3]

We now turn to an econometric investigation. We start with a benchmark

difference-in-differences specification:
(1) Yijet = ao + aArabPlaintif f; + a,Arabjudge;
+azArabPlaintif f « ArabJudge; + 6. + &;j;

where y;j.; is the outcome of casei assigned to judge j, in courtc, at timet;
ArabPlaintift, ArabJudge and the interaction term ArabPlaintiff*ArabJudge
are indicator variables; 8. is a court fixed effect; and g;;., is an error term

clustered within judge.

Consistent with our identification assumption, equation (1) allows for two
possible differences across ethnic groups that do not necessarily indicate ethnic
bias. First, it is possible that claims submitted by Arab plaintiffs have different
unobserved characteristics than those submitted by Jewish plaintiffs. Thus, a;
may be nonzero even in the absence of ethnic bias. Second, it is possible that
Arab and Jewish judges are differently inclined to accept claims. In other words,
a, may be nonzero even in the absence of ethnic bias. Judicial ethnic bias is
captured by a;. This coefficient is similar to the difference-in-differences
measure used in Figures 2 and 3, except that we include court fixed effects to

allow for differences in acceptance rates across courts. Columns 1-2 in Table 2

17



present these benchmark results for the conflict period and the post-conflict
period, respectively. Consistent with Figure 2, the estimated ethnic bias is similar

in magnitude across periods (and highly statistically significant in both).
[Table 2]

In columns 3—-4 we augment equation (1) with a large set of controls. We

now estimate:
(2)  Yijet = ap + ayArabPlaintif f; + azArabPlaintif f * ArabJudge; + 6.
+yj + Atenurej, + X + ¢ + €jjet

where y; is a judge fixed effect and tenure;; is the judge's tenure at the job.10
The vector X; is a list of case-specific controls (see notes to Table 2) and 1, is a
vector of year, month, and day-of-week indicators. Compared to columns 1-2,
the explanatory power of the regressions increases substantially. However,
consistent with random assignment of cases to judges, the estimates of ethnic

bias hardly change.!

While the post-conflict period saw a dramatic drop in civilian fatalities
within Israel, it also saw increase in the severity of the rocket threat from the
Gaza Strip facing southern Israel. This contemporaneous threat could have

affected judicial decisions (cf. Getmansky and Zeitzoff 2014). However, excluding

10 Adding the judge fixed effect implies dropping the ArabJudge indicator from the
model since the fixed effect picks up any time-invariant judge characteristic. We keep
the court fixed effect . as some judges move between courts.

11 The results in Table 2 are not driven by the decisions of a single judge. To check this,
we repeat the analysis of columns 3 and 4, each time excluding decisions made by a
single judge. Estimates of ethnic bias range between 0.158 and 0.207 in the conflict
period and between 0.156 and 0.202 in the post-conflict period.
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all cases from courts located within rocket range in the south during this period
has little effect on the estimated bias (point estimates are 0.179 and 0.180 in the
specifications of columns 2 and 4).12 We can similarly exclude all courts that
were within Hezbullah’s rocket range during the Second Lebanon War in 2006.
This leads to a sharp reduction in the number of observations in the post-conflict
period. Despite the very limited size of the remaining sample (N=194), the
estimated bias remains statistically significant and if anything increases in size

(point estimates are 0.399 and 0.442 in the specifications of columns 2 and 4).

In Appendix D we estimate equation (2) using four alternative outcome
measures such as the monetary compensation awarded by the judge. The results
are in line with those of Table 2: for the most part, the estimated bias is similar
across periods. The main exception is that the bias measured in net monetary
compensation decreases from NIS 926 (about $210) during the conflict period to
391 during the post-conflict period (panel A, columns 3-4). However, this
decrease is driven by a small number of cases involving extraordinarily high
monetary compensation. Excluding from the analysis the top and bottom one
percent of cases in terms of the outcome variable, we find no evidence of a

decline in bias across periods (panel B).

Before turning to an analysis of the relationship between judicial bias and
violence, several issues are worth discussing. First, given that Arab and Jewish
judges have different personal characteristics, it is possible that the estimated a5
in equation (2) reflects these differences rather than ethnic bias per se. For

example, Arab judges are more likely than Jewish judges to be male (66% vs.

12 The potentially affected courts are located in Ashdod, Ashgelon, Be'er Sheva and
Qiryat Gat. Removing them reduces the sample size to 1391.
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49%). If for some reason male judges systematically treat Arab plaintiffs
differently from Jewish plaintiffs, then a; would pick up this difference and
hence would not be an accurate measure of ethnic bias. To address this
possibility, in Appendix E we augment equation (2) with interactions between
the ArabPlaintiff indicator and judge characteristics. None of these added

interactions meaningfully affect our estimate of ethnic bias.

Second, one could argue that the empirical pattern we observe is not due
to preferential treatment of members of one's own group but rather to
difficulties in communication between judge and plaintiff when they do not
share the same mother tongue. Even if true, our results point to a severe
malfunction in the legal system, as similar cases are not treated alike. However,
it is hard to see why technical differences in the quality of communication
between Arabs and Jews should respond (as we show below) to the intensity of
violence in the vicinity of the court. Note also that cases are typically very simple
(e.g., “fender-bender” accidents) and the decision is basically about whose
version of the events to accept and as such should not rely on linguistic

subtleties.

A third issue relates to the possibility that the strength of claims
submitted by plaintiffs might depend on the ethnic makeup of the court. For

|II

example, Arab plaintiffs may file more “marginal” claims — and Jewish plaintiffs
only “strong” claims — the higher is the share of Arab judges in the court. This
can generate downward bias in our estimate of ethnic bias. To help assess this
possibility we collect data on the ethnicity of all judges in each court and year,
including judges that did not end up ruling in mixed-ethnicity cases. The data are

derived from the official biographies of all current and retired judges and the
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computerized archive of judicial decisions described in Appendix A. We then
augment equation (2) with two variables: the share of Arab judges in court c in
year t and the interaction of this share with the ArabPlaintiff indicator. If the
above hypothesis is correct, we would expect the likelihood of a claim being
accepted to be positively associated with the share variable and negatively
associated with the interaction term. The two coefficients turn out to be

statistically insignificant while the estimate of ethnic bias rises slightly.!3

Finally, Appendix F examines whether the degree of ethnic bias varies
with judge characteristics (e.g. do more experienced or more educated judges
exhibit less bias). Overall, we find little evidence for systematic differences,
although there is some indication that within the post-conflict period older and

male judges are less biased.
5. Judicial bias and court exposure to violence

So far we have established that the dramatic drop in fatalities in 2007-2010 was
not accompanied by a decline in ethnic bias among judges. However, bias could
be affected by different country-wide factors that vary over time. In this section
we therefore explore whether judicial bias in the post-conflict period is
associated with a court’s local exposure to violence during the conflict. This
allows us to better identify the causal effect of violence, as we can keep constant
any country-wide determinants of bias. Note however that this approach

probably yields an underestimate of the overall effect of violence, since Israel is

13 Recall also that we find no evidence of selective withdrawal of cases or their
settlement outside of court depending on the ethnicity of the judge — which could
similarly bias our estimate of ethnic bias (Appendix B).
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a small country where national media outlets prominently cover any act of

political violence.

Our identification assumption is that as local exposure to violence during
the conflict period increases, cases assigned to a judge of the same ethnicity as
the plaintiff do not become systematically different from cases assigned to a
judge of a different ethnicity. Appendix G examines and finds support for the

validity of this assumption.

5.1 Results

Figure 4 illustrates some broad patterns in the data. Using the same
methodology as Figure 3, it shows simple (nonparametric) difference-in-
differences estimates of judicial bias. We split the sample into two groups of
courts based on the court’s exposure to violence during the conflict. The first
group (“low violence courts”) consists of eight courts that saw no fatalities in
their respective natural areas during the entire conflict period. The second group
consists of all other courts. ** During the conflict period, courts that saw no
violence are consistently less biased than the other courts. In fact, the overall
level of bias in this period is 0.05 in the former group and 0.23 in the latter. After
the violence subsides, the difference between the two groups appears to

narrow. The overall post-conflict bias is 0.15 in the low-violence courts and 0.23

14 We have 915 cases in the low-violence group of courts (454 of them in the conflict
period) and 2,238 in the high-violence group (1,294 of them in the conflict period). The
distinction between the two groups is for illustrative purposes only. Some of the point
estimates for the high-violence courts are based on samples that include cases in courts
that are yet to experience fatalities. Nonetheless, the figure is useful as it keeps the set
of courts in each group fixed. In Appendix H (discussed below) we conduct placebo tests
to check whether courts exposed to more violence were more biased to begin with. We
find no evidence of this being the case.
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in the high-violence courts. Contrary to what one might have expected, the two
groups seem to converge to the level of bias previously associated with the high-

violence courts.
[Figure 4]

We now examine more closely the relationship between exposure to

violence and bias in the two periods. Consider the following equation:

(3) Yijet = @ + ayArabPlaintif f; + azArabPlaintif f x ArabJudge;
+60yExposure.. + 0,Exposure.; * ArabPlaintif f; + 0,Exposure.; *
ArabJudge; + 0;Exposure., x ArabPlaintif f * ArabJudge; + 6. + v, +

Atenurej + Xif + 1 + &;jce

where Exposure,; is a measure of the number of fatalities in the vicinity of
court c in a given time window. All other variables are defined as in equation (2).
The association between exposure and bias is captured by 65, while az now
captures the “baseline bias,” i.e., the level of bias when exposure to violence is

zero.P

Column 1 of Table 3 shows the results from estimating this equation for
the conflict period, using as our exposure variable the number of fatalities in the
vicinity of the court in the year preceding the trial (divided by 100 for ease of
exposition). The estimate in the bottom row suggests a strong and highly
significant relationship. An additional fatality (in the natural area of the court) is

associated with a 0.618 percentage-point increase in bias. Baseline bias is

15 We continue to cluster standard errors by judge. Clustering by geographical areas (a
natural alternative given that exposure varies by region) yields significantly smaller
standard errors than clustering by judge. We adopt the more conservative approach.
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estimated at 0.135 (second row). This can be compared to the overall level of
bias during this period, which is estimated at 0.192 (column 3 of Table 2). A
qualitatively similar pattern emerges at the sub-district and district levels

(columns 4 and 7 of Table 3).
[Table 3]

These results suggest a strong short-run effect of violence on bias. How
persistent is this local effect of violence? To address this question we need to
compare (a) the association between exposure to violence during a given time
interval and bias in a period immediately following it and (b) the association
between exposure to violence during that same interval and bias in a later
period. To that end, we use as our measure of exposure the cumulative number
of fatalities in the vicinity of the court during the first three years of the conflict
(2000-2003). This measure can potentially affect judicial decisions both in the
last year of the conflict (2004) and in the post-conflict period (2007-2010).16

The results for exposure at the natural-area level are in columns 2 and 3.
In column 2, the sample includes cases from the last year of the conflict. In
column 3 the sample covers the post-conflict period. The estimates indicate that
2000-2003 fatalities are positively associated with bias in decisions taken both in
2004 and in 2007-2010. However, the point estimate is smaller for cases decided
in the post-conflict period. An additional fatality in the natural area of the court
during the first three years of the conflict is associated with an increase in bias of

0.467 percentage points in the final year of conflict and of 0.280 percentage

6 Since we have court fixed effects we cannot identify 8, from equation (3). We also
cannot identify 8, for the 2004 sample since Arab judges in this sample did not move
between natural areas.
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points in the post-conflict period.!” A similar pattern is observed when
examining exposure at the sub-district level (columns 5-6) and at the district
level (columns 8-9). Note also that, regardless of the geographical level of
aggregation, the estimated bias in courts that saw no fatalities in 2000-2003
(second row) appears to be slightly higher in the post-conflict period than in the
last year of the conflict. In other words, the results seem to suggest an increase

in baseline bias.

Table 4 examines the association between judicial decisions in the post-
conflict period and court exposure during the entire conflict period (2000-
2004).'8 As seen in the bottom row, the association between exposure and bias
is always positive. For instance, the point estimate in the first column implies
that an additional fatality (in the natural area of the court) during the entire
conflict period is associated with a 0.256 percentage point higher bias post-

conflict.
[Table 4]

While our estimates of 85 suggest a positive association between judicial bias
and past exposure of the court to violence, one needs to be careful before
interpreting the association as causal. Much of the analysis in Tables 3-4 relies on

cross-sectional variation in exposure. This raises the concern that other factors

17 A formal test cannot reject the equality of these two coefficients. The same is true for
other differences across periods highlighted in Table 3 (both in the baseline bias and in
the association with exposure).

18 Because there was some violence during the post-conflict period, the regressions in
Table 4 also control for recent fatalities in the vicinity of the court (fully interacted with
the ethnicity variables). This does not change the main results. We did not include these
controls in Table 3 to preserve the same functional form for the 2004 and 2007-10
samples.
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that vary at the court level might be driving the results. For example, in our data
more populous cities suffer from a larger number of fatalities. If larger cities are
more biased, this would lead us to over-estimate 85. Table 5 examines this
possibility for various traits of the towns in which the courts are located (e.g.
population, education and income).'® We augment the specification of Table 4

with interactions between town traits and the set of ethnicity indicators:

(4)  Yijet = @o + ajArabPlaintif f; + azArabPlaintif f * ArabJudge;
+ 6;Exposure, * ArabPlaintif f; + 6,Exposure, x ArabJudge;
+ 6;Exposure, x ArabPlaintif f * ArabJudge;
+ pw TownTrait, * ArabPlaintif f; + u,TownTrait. * ArabJudge;
+ usTownTrait, * ArabPlaintif f * ArabJudge;
+8; +yj + Atenurej, + X + n; + €;jer

For each of the town traits, Table 5 reports the estimated 65 and p5,
where the exposure variable is the number of fatalities in the natural area
around the court during the conflict. For ease of comparison, the first column

replicates the baseline results of column 1 in Table 4.
[Table 5]

We begin (in column 2) by controlling for whether the town is ethnically
mixed, i.e. has significant numbers of both Arab and Jewish residents.?° Whether

ethnic bias differs across ethnically mixed and ethnically homogeneous towns is

19 Data on these traits come from the Israeli Central Bureau of Statistics. We use data
from 2006 but the town traits vary little over time.

20 More than two thirds of Arab Israelis live in strictly Arab localities. Most of the rest
live in localities defined by the CBS as “mixed”: localities in which the majority of the
population is Jewish, but which have a significant minority of Arab residents (e.g.
Jerusalem).
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an interesting question in its own right (beyond testing if the results in Table 4
might be driven by this town trait). In particular, the “contact hypothesis”
(Allport 1954) argues that contact between groups should, under certain
conditions, reduce tensions between them. It is well recognized, however, that
simply bringing the groups into closer proximity with one another is no
guarantee of social harmony and might even worsen the situation by making the
groups psychologically more salient (Brewer and Brown 1998).2! Similarly,
Kaufmann (1996) argues that localities with mixed ethnic populations create
security dilemmas that intensify violence. Of the twenty five courts we study,
five are located in mixed towns. The results in column 2 indicate that these
mixed towns are indeed associated with lower bias, but the association is not
statistically different from zero. At the same time, the estimate of 65 remains

positive and statistically significant.

For the remaining town traits, we construct indicators that split the
towns at the median value of each trait in the sample. We look at population
size; mean per capita income; education (measured by the high school
completion rate); the proportion of families with four children or more (this
might be viewed as a crude proxy for religiosity); and the median age. Results are
in columns 3-7. In all cases, the association between exposure to violence and
bias maintains its size and statistical significance (if anything, the estimated 65
tends to increase). Interestingly, except for population size, none of the traits

appears to be systematically associated with ethnic bias. As for population size

21 Indeed, in his study of ethnic discrimination in the Israeli used cars market, Zussman
(2013) finds that Jewish car sellers residing in mixed localities tend to discriminate more
than others against Arab buyers.
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(column 3), we find that controlling for exposure to violence, larger towns

exhibit less bias.

The results in Table 5 notwithstanding, one might still worry that fatal
terrorist attacks occur more often in regions that are characterized by greater
bias to begin with. This is unlikely since, as explained earlier, the violence is not
initiated by the local population and is motivated by national rather than local
considerations. Even so, this concern is worth addressing directly. One way to do
this would be to examine the relationship between judicial decisions made in the
pre-conflict period and our measure of court exposure to violence during the
conflict. Unfortunately, the court documents required for the analysis became
available online only in late 2000 (after the conflict started). Nevertheless, we
can employ a similar approach using data on judicial decisions that were made
before the conflict was over. These data allow us to examine whether judicial
bias at the court in the early years of the conflict is associated with exposure of

the court to violence in the last year of the conflict.

Specifically, we estimate the full regression from Table 4, using fatalities
from the last year of the conflict as our measure of court exposure to violence.
We do this separately for two samples of judicial decisions: one from the early
years of the conflict (2000-2003) and the other from the post-conflict period
(2007-2010). This is done for all three geographical areas. Results are in
Appendix H, Table H1 and support the causal interpretation of the association
between violence and bias. Court exposure in the last year of the conflict is
always positively associated with judicial bias in the post-conflict period

(although the association is statistically insignificant in one case). In contrast,
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ethnic bias in 2000-2003 is never positively associated with the court's exposure

to violence in 2004.

Another way to address the concern of spurious correlation uses
variation in violence intensity throughout the conflict period. Specifically, we
examine whether ethnic bias during the conflict period is associated with
fatalities in the vicinity of the court in the year following the trial as well as in the
year preceding the trial. The full results are reported in Appendix H, Table H2.
For all geographical regions, bias is strongly and positively associated with past
fatalities and not at all associated with future fatalities. Thus, there is again no
evidence to suggest that bias-prone courts were exposed to disproportionately

more violence.

To sum up, during the conflict period ethnic bias in judicial decisions is
strongly correlated with exposure to violence. This association weakens but
persists into the post-conflict period. Taken together with the results of the
previous section, which show that the overall level of bias does not decline, this
pattern suggests a convergence across courts toward a relatively high level of

bias in the post-conflict period.
6. Channels of persistence

We have established the existence of a positive relationship between ethnic bias
and past exposure to violence at the court level. But what drives this persistent
effect? One possibility is that ethnic violence produces enduring changes in
exposed courts due to local dynamics, such as ethnic tensions in the locality
where the court is situated or in the court itself. Alternatively, violence may have

a persistent effect on the legal system via the personal experience and memories
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of individual judges, regardless of where they currently work. Knowing the
relative importance of the two channels is important for designing effective
post-conflict policies. In this section we attempt to disentangle these two
mechanisms by exploiting the fact that judges do not stay in the same location

throughout the period under investigation.

As detailed in Appendix A, we collect data on the number of fatalities
each judge was exposed to in her place of employment (either as a judge or in
different occupations) in each month of the conflict. From these data we
construct several measures of personal exposure. These measures are all based
on the number of fatalities in the natural area surrounding the judge’s place (or

places) of employment during the conflict period.??

Again, it is instructive to start by examining the raw data. In Figure 5 we
distinguish between cases handled by judges with “low personal exposure” and
judges with “high personal exposure”. The former category consists of judges
who worked throughout the conflict period in natural areas that saw no
fatalities, while the latter consists of judges who worked in areas with a positive

number of fatalities. The first bar in each category shows the simple difference-

221n principle, it could be useful to also know the judge’s exposure at her place of
residence and whether relatives and friends of the judge were killed or injured by ethnic
violence. Such information is difficult to collect since a judge’s place of residence is
confidential (surveying judges requires approval by the chief justice of the Supreme
Court). However, this difficulty does not seem to be a critical concern for the present
analysis. First, if many judges reside in the area where they work (which seems likely),
then exposure to violence at the workplace would be highly correlated with exposure to
violence at the place of residence. Second, the likelihood of a civilian in Israel being
killed in a terrorist attack during the conflict period was less than 1 in 10,000. This
suggests that very few (if any) of the judges in our sample saw a family member killed.
Exposure to terrorism of the wider set of acquaintances is probably well-proxied by the
exposure variables we use.
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in-differences estimate of ethnic bias during the conflict period. While ethnic
bias is 8% in cases ruled by judges with low personal exposure, it is 21% for
judges with high personal exposure. Note, however, that since the judge’s place
of employment is for the most part the court in which she rules, it is difficult to
say whether this difference is due to personal exposure or to court exposure.
The correlation between this measure of personal exposure and the analogous
indicator of positive court exposure is 0.77. In the post-conflict period, however,
cases are often handled by judges who were not working in the same region
during the conflict period. As a result, the correlation between the personal and
court exposure indicators drops to 0.33. This allows us to get a sense of the

separate effects of court and personal exposure.

[Figure 5]

Consider post-conflict cases handled by judges with low personal
exposure, and now distinguish between them according to court exposure
during the conflict (no fatalities versus a positive number of fatalities). Ethnic
bias is only 2% in the cases ruled in low violence courts while it is 20% in cases
ruled in high violence courts (note however the wide confidence intervals).
Remarkably, the pattern is similar for cases ruled by judges with high personal
exposure, with bias of 5% in low violence courts and 27% in high-violence courts.
There seems to be more ethnic bias (20%) in decisions made in high-violence
courts by judges with low personal exposure, than in decisions made in low-
violence courts by judges with high personal exposure (5%). In other words,
court exposure seems to matter much more than personal exposure: where you

stand depends on where you sit.
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To examine this more carefully, we estimate equation (3) for the post-
conflict period, replacing the court-level measures Exposure., with personal-
level measures. Results are reported in Table 6. Notice that since we do not have
personal exposure data for all judges, the sample size falls from 1,405 to 1,322
cases.”® To facilitate comparison to the court-level analysis, in column 1 we
replicate the regression of column 1 in Table 4 for the restricted sample. The

results are similar to the original ones.
[Table 6]

Our first measure of personal exposure is the mean monthly exposure to
fatalities in the natural area of the judge’s place of employment during the entire
conflict period. As seen in column 2, and consistent with the patterns in Figure 5,
the association between this measure of personal exposure and post-conflict

judicial bias is weak and statistically insignificant.

One possible explanation for this surprisingly weak association is that we
do not measure correctly the way judges recall past experiences. In other
contexts it has been argued that evaluations of past aversive personal
experiences are dominated by the affect associated with the worst and the final
moments of the episodes — not with the average or cumulative experience (this
is known as the peak-end rule, see e.g., Kahneman et al. 1993; Redelmeier and
Kahneman 1996). It is conceivable that a similar mechanism is operating in the
present context. We therefore define peak exposure as the exposure at the
worst month of the conflict, i.e., the maximal monthly number of fatalities in the

natural area of the judge’s place of employment during the conflict period. We

2 Further excluding from the analysis judges with incomplete employment history does
not affect the results.
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define late exposure as the mean monthly number of fatalities in the natural
area of the judge’s place of employment during the last year of the conflict
(2004). As seen in column 3, peak exposure is not associated with bias in the
post-conflict period. Late exposure does seem to be positively associated with

bias, but the association is not statistically different from zero (column 4).

Finally, we attempt to disentangle the two mechanisms, one operating at
the local (court) level and the other operating at the individual (judge) level. In
columns 5-7 we include both the court exposure measure and each of the
personal exposure measures.?* Consistent with the patterns observed in Figure
5, we find that controlling for court exposure, none of the personal exposure
measures is associated with judicial bias in the post-conflict period. At the same
time, the court exposure measure itself remains positively associated with

judicial bias.

A possible difficulty in interpreting the results in Table 6 is that judge
movements may not be random. For example, it is conceivable that over time
judges move to the vicinity of their home town or, more generally, closer to the
place they care about. Thus, court exposure in fact captures violence at the place
the judge cared about even during the conflict. To address this issue, in Appendix
| we re-examine the association between judicial bias and violence during the
conflict period. We construct a new measure of personal exposure to violence.
For each judge we locate the natural area in which she spent the most time
during the post-conflict period. We next compute for each decision the number

of fatalities in the preceding year in that natural area (i.e. in the area where the

24 The simple correlation coefficient between court exposure and the three measures of
personal exposure ranges from 0.53 to 0.69.
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judge will work after the conflict). This measure is available for 1,583 of the
1,748 cases in the conflict period. Finally, we augment the baseline specification
for the conflict period (column 1 of Table 3) with this new measure and its
interactions with the ethnicity indicators. In other words, we run a “horse race”
between the original court exposure variable and the new personal exposure
measure. If judges care about the place they work in during the post-conflict
period, the new measure should be positively associated with ethnic bias, while
court exposure should not. Instead, we find that the estimated effect of court
exposure maintains its size and statistical significance, while the new personal
exposure variable is not associated with ethnic bias. This seems to rule out the

alternative interpretation of Table 6.

7. Conclusion

This paper sought to contribute to our understanding of the effects of ethnic
conflict on intergroup relations and on the functioning of legal institutions. We
employed a decision-based methodology to measure the extent of ethnic bias
among an elite population that arguably should be most immune to ethnic

biases: judges.

Looking at the country as a whole, we uncover a striking fact: despite a
dramatic drop in the number of fatalities in the years that followed the Second
Intifada, the level of ethnic bias remained roughly similar to that observed during

the height of the conflict.

Our second main finding leverages exogenous variation in the intensity of
ethnic violence. The analysis uncovers a persistent adverse effect of exposure to

violence on judicial decisions. In the post-Intifada years, courts that had
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experienced more violence still tended to exhibit greater ethnic bias than courts

situated in quieter regions.

Perhaps most importantly, we find that the persistent effect of violence
operates primarily at the local (court) level rather than at the personal (judge)
level. Individuals who were personally exposed to high levels of violence during
the conflict show little systematic bias in subsequent years if located in a
relatively peaceful environment. At the same time, individuals located in afflicted
areas display high levels of bias even if they were not personally exposed to high

levels of violence during the conflict.
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TABLE 1: CASESBY ETHNICITY OF JUDGE AND LITIGANTS

Period

Judge Plaintiff Defendant Conflict Post-conflict  Total
Arab  Arab Jewish 280 175 455
(16.02%) (12.46%) (14.43%)

Jewish  Arab 265 180 445
(15.16%) (12.81%) (14.11%)

Jewish Arab Jewish 485 396 881
(27.75%)  (28.19%)  (27.94%)

Jewish  Arab 718 654 1,372
(41.08%)  (46.55%)  (43.51%)

Total 1,748 1,405 3,153
(100%) (100%) (100%)

40



TABLE 2: ETHNIC B1AS DURING AND AFTER THE CONFLICT
Dependent variable: claim accepted

Post- Post-
Conflict conflict Conflict conflict
1) (2) 3 4)
Arab plaintiff -0.151"™" -0.169"" -0.117"" -0.170™"
(0.026) (0.033) (0.031) (0.044)
Arab judge -0.077°  -0.005
(0.044) (0.031)
Arab judge*Arab plaintiff ~ 0.170™" 0.177""  0.192"" 0.179™"
(0.054)  (0.046) (0.049) (0.057)
Court FEs Yes Yes Yes Yes
Judge FEs & tenure No No Yes Yes
Case characteristics No No Yes Yes
Time controls No No Yes Yes
Observations 1,748 1,405 1,748 1,405
R-squared 0.044 0.057 0.248 0.258

Notes: Regressions are estimated by OLS. Standard errors, clustered by judge,
are in parentheses. Case characteristics include: number of plaintiffs; number
of defendants; share of private plaintiffs; share of private defendants; share of
male plaintiffs; share of male defendants; monetary compensation requested
(and an indicator for missing values); indicators for claim subjects; an
indicator for “defense present”; and an indicator for cases where the defendant
filed a counterclaim. Time controls include indicators for year, month, and day

of week.

* kk Kkkk

., represent statistical significance at the 10, 5, and 1 percent levels.

41



TABLE 3: EFFECTS OF VIOLENCE IN THE SHORT AND THE LONG RUN
Dependent variable: claim accepted

Natural Area Sub-district District
2000- 2007- 2000— 2007- 2000- 2007-
Cases from: 2004 2004 2010 2004 2004 2010 2004 2004 2010
Preceding  2000- 2000- Preceding  2000- 2000- Preceding  2000- 2000-
Court exposure during: year 2003 2003 year 2003 2003 year 2003 2003
1) ) ®3) (4) (5) (6) () (8) 9)
Arab plaintiff -0.096™"  -0.077  -0.162"" -0.095™"  -0.059 -0.151" -0.084° -0.031 -0.141
(0.032) (0.080) (0.056) (0.034) (0.084) (0.062) (0.045) (0.135) (0.092)
Arab judge*Arab plaintiff 0.135™ 0.102 0.131" 0.121" 0.017 0.106 0.112" -0.020 0.061
(0.044) (0.128) (0.071) (0.049) (0.152) (0.086) (0.060) (0.194) (0.117)
Court exposure 0.044 0.041 0.067
(0.152) (0.150) (0.111)
Arab plaintiff*Court exposure -0.143 -0.219" -0.021 -0.136 -0.238" -0.041 -0.133 -0.176 -0.036
(0.134) (0.100) (0.080) (0.135) (0.102) (0.086) (0.138) (0.135) (0.090)
Arab judge*Court exposure -0.190 2.326 -0.249 2.088" -0.300
(0.335) (2.436) (0.313) (1.131) (0.191)
Arab plaintiff*Arab judge*Court exposure 0.618™"  0.467" 0.280™ 0.627""  0.601"" 0.249 0.436™ 0.410™ 0.219
(0.178) (0.193) (0.124) (0.185) (0.227) (0.154) (0.171) (0.196) (0.151)
Observations 1,748 589 1,405 1,748 589 1,405 1,748 589 1,405
R-squared 0.250 0.328 0.260 0.249 0.329 0.260 0.249 0.326 0.259

Notes: Analysis includes cases from the period indicated in the first row of the column title. Court exposure is the cumulative number of civilian fatalities in the vicinity (natural
area/sub-district/district) of the court during the period indicated in the second row of the column title. Fatality figures are divided by 100 for clarity. Regressions are estimated
by OLS. Standard errors, clustered by judge, are in parentheses. All regressions include court fixed effects and the full set of judge, case and time controls from columns 3-4 of
Table 2. Arab judge*Court exposure is omitted from column 9 because two districts had the same absolute number of fatalities during the conflict, which generates perfect
multicollinearity.

* okk kkk

., represent statistical significance at the 10, 5, and 1 percent levels.
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TABLE 4: LONG-RUN EFFECTS OF EXPOSURE TO VIOLENCE — COURT LEVEL ANALYSIS
Cases from the post-conflict period (2007-2010)
Dependent variable: claim accepted

Natural Sub-
Area district District
1) (2 3

Arab plaintiff -0.157™" -0.150™" -0.148°

(0.056) (0.062) (0.088)
Arab judge*Arab plaintiff 0.146™ 0.102 0.034

(0.066) (0.085) (0.108)
Arab plaintiff*Court exposure -0.032 -0.040 -0.033

(0.074) (0.083) (0.083)
Arab judge*Court exposure 2.322 2.127"

(2.412) (1.167)
Arab plaintiff*Arab judge*Court exposure 0.256™ 0.254° 0.232"

(0.108) (0.150) (0.139)
Observations 1,405 1,405 1,405
R-squared 0.267 0.264 0.265

Notes: Court exposure is the cumulative number of civilian fatalities in the vicinity (natural area/sub-
district/district) of the court during the conflict period (28/9/2000-31/12/2004), divided by 100 for clarity.
Regressions are estimated by OLS. Standard errors, clustered by judge, are in parentheses. All regressions
include court fixed effects and the full set of judge, case and time controls from columns 3-4 of Table 2.
Regressions also control for the number of civilian fatalities (separately from the Israeli-Palestinian conflict
and the 2006 Lebanon War) in the vicinity of the court in the year preceding the trial fully interacted with
indicators for judge and plaintiff ethnicity. Arab judge*Court exposure is omitted from column 3 because
two districts had the same absolute number of fatalities during the conflict, which generates perfect
multicollinearity.

*kk kKK

., represent statistical significance at the 10, 5, and 1 percent levels.
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TABLE 5: LONG-RUN EFFECTS OF EXPOSURE TO VIOLENCE, CONTROLLING FOR TOWN TRAITS
Cases from the post-conflict period (2007-2010)
Dependent variable: claim accepted

1) () 3) 4) () (6) ()

Arab plaintiff -0.157""  -0.158™" -0.172"" -0.187" -0.193"" -0.155"" -0.159™

(0.056) (0.045) (0.066)  (0.083) (0.081)  (0.055)  (0.071)
Arab judge*Arab plaintiff 0.146™ 0.147"  0.259™"  0.156 0.164° 0.049 0.154™

(0.066) (0.061) (0.066)  (0.095)  (0.093)  (0.151)  (0.077)
Arab plaintiff*Arab judge*Court exposure 0.256”  0.423"™" 0.365"" 0.240"" 0.245"" 03307 0318

(0.108) (0.144) (0.092)  (0.088) (0.087)  (0.127)  (0.114)
Arab plaintiff*Arab judge*Mixed ethnicity town -0.222

(0.165)
Arab plaintiff*Arab judge*Large town -0.295™
(0.103)
Arab plaintiff*Arab judge*High-income town 0.007
(0.113)
Arab plaintiff*Arab judge*High-education town -0.006
(0.111)
Arab plaintiff*Arab judge*Large-family town 0.103
(0.154)
Arab plaintiff*Arab judge*High-median-age town -0.089
(0.144)

Observations 1,405 1,405 1,405 1,405 1,405 1,405 1,405
R-squared 0.267 0.268 0.272 0.268 0.268 0.268 0.267

Notes: Court exposure is the cumulative number of civilian fatalities in the natural area of the court during the conflict period divided by 100. Town traits are for
2006 and relate to the town where the court is located (source: Israeli Central Bureau of Statistics). Mixed ethnicity town is an indicator for towns with a
significant numbers of both Arab and Jewish residents. Large town is an indicator for towns with a population above the median across cases (median=64,200).
High-income town is an indicator for towns with an above median per-capita income (NIS 2,620). High-education town is an indicator for towns with an above
median high-school matriculation rate (51.3%). Large-family town is an indicator for towns with an above median share of families with at least four children
(9.35%). High-median-age town is an indicator for towns where the median age is above the median across cases (32). Regressions are estimated by OLS.
Standard errors, clustered by judge, are in parentheses. All regressions include the full set of controls from column 1 of Table 4 as well as interactions between
the relevant town trait and the Arab plaintiff and Arab judge indicators.

* kk Kkkk

., represent statistical significance at the 10, 5, and 1 percent levels.
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TABLE 6: CHANNELS OF PERSISTENCE — PERSONAL- AND COURT-LEVEL EFFECTS OF VIOLENCE
Cases from the post-conflict period (2007-2010)
Dependent variable: claim accepted

) ) ®) (4) ®) (6) ()

Arab plaintiff -0.158™" -0.160"" -0.169"" -0.174™" -0.156"" -0.161""" -0.153""
(0.057) (0.051) (0.059) (0.046) (0.055) (0.061) (0.065)
Arab judge*Arab plaintiff 0.105 0.160" 0.174" 0.169™ 0.106 0.116 0.103
(0.078) (0.070) (0.073) (0.067) (0.077) (0.078) (0.083)
Arab plaintiff*Arab judge*Court exposure 0.288™ 0.294° 0.323" 0.307"
(0.116) (0.160) (0.137) (0.183)
Arab plaintiff*Arab judge*Mean personal exposure 0.054 -0.042
(0.115) (0.108)
Arab plaintiff*Arab judge*Peak personal exposure 0.000 -0.006
(0.007) (0.007)
Arab plaintiff*Arab judge*Late personal exposure 0.188 -0.043
(0.118) (0.175)
Observations 1,322 1,322 1,322 1,293 1,322 1,322 1,293
R-squared 0.268 0.266 0.266 0.266 0.268 0.268 0.268

Notes: Court exposure is the cumulative number of civilian fatalities in the natural area of the court during the conflict period (28/9/2000-
31/12/2004). Fatality figures are divided by 100 for clarity. Mean personal exposure is the mean monthly number of civilian fatalities in the
natural area of the judge’s place of employment during the conflict period. Peak exposure is the maximal monthly number of civilian fatalities in
the natural area of the judge’s place of employment during the conflict period. Late exposure is the mean monthly number of civilian fatalities in
the natural area of the judge’s place of employment during the last year of the conflict (2004). Regressions are estimated by OLS. Standard errors,
clustered by judge, are in parentheses. All regressions include the full set of controls from column 1 of Table 4.

*kk kkk

, 7 represent statistical significance at the 10, 5, and 1 percent levels.
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Figure 1: Civilian Fatalities by Year and District
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Figure 2: Ethnic Bias by Period

Conflict period

Post - conflict period

o o
S S
o o
o o
@ ®
o o
o o
~ =
o o
o o
@ @
o o
o o
0 )
o o

Jewish plaintiff Arab plaintiff
| I Jewish Judge NN Arab Judge

Capped ranges indicate 95% confidence intervals.

47

Jewish plaintiff

Arab plaintiff

| I jewish Judge

I Arab Judge




4

2

0

Share of Claims Accepted [DD]

-2

Figure 3: The Evolution of Ethnic Bias
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Figure 4: Ethnic Bias by Exposure to Violence During the Conflict
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Figure 5: Ethnic Bias by Personal and Court Exposure
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